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Study on water quality evaluation of Xijiang river
based on cloud computing and GA-BP neural network

Ji Guangyue

(Department of public education, Guangdong University of Business and Technology,Zhaoqing 526020 ,China)

Abstract : In order to improve the accuracy of water quality evaluation,a genetic algorithm was proposed to optimize the
water quality evaluation model of BP neural network.According to the characteristics of water quality evaluation data, Multi-A-
gent and distributed ideas are introduced,and the GA-BP model is improved in parallel with the MapReduce framework of cloud
computing,so as to improve its ability to process massive high-dimensional water quality evaluation data. In order to prove the
effect of the algorithm . the water quality monitoring data of Xijiang river from 2011 to 2015 were selected as the research object.
The research results show that, compared with PSO-BP, GA-BP, DE-BP and BP, the MR-GA-BP algorithm can not only im-
prove the accuracy of water quality evaluation, but also reduce the consumption of computing resources, shorten the training
time and have good parallel performance.

Keywords: genetic algorithm;cloud computing; BP neural network; water quality evaluation; particle swarm optimization

algorithm
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