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x1 HESEHE

1D VG S A% JEtk ) B 2 5] v B RE AR K

1 Breast Cancer Wisconsin (Diagnostic) 569 30 X1(212)/X2(357)

2 Congressional Voting 435 16 X1(267)/X,(168)

3 Dermatology 366 34 X1 (112)/X,(61)/X3(72) /X4 (49) /X 5(52) /X (20)
4 Tonosphere 351 34 X1(225)/X,(126)

5 Molecular Biology(Promoter Gene Sequences) 106 57 X1(53)/X,(53)

6 Page Blocks Classification 5473 9 X1(4913)/X,(329)/X5(28)/X,(88)/X5(115)

7 Parkinson Multiple Sound Recording 1208 26 X1(688)/X,(520)

8 Wine 178 13 X1(59)/X2(71)/X5(48)
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3=0.05 3=0.1 5=0.15
1D 25

J b A A ik Rk 2 J b A A ik Rk 2 JE 1 A ikl N7

X, 0.797 2 0.773 6  0.768 9 0.632 1 0.6123  0.6226 0.500 0 0.490 6  0.4858

! X 0.764 7 w 0.739 5 0.299 7 0.280 1 0.285 7 0.047 6 0.036 4 0.047 6

X, 0.895 1 0.876 4  0.861 4 0.764 0 0.752 8  0.752 8 0.662 9 0.6629  0.6629

’ X, 0.851 2 0.8074  0.8393 0.696 4 0.636 9 0.696 4 0.523 8 0.5238  0.517 9

X, 0.973 2 0.9554  0.9375 0.946 4 0.928 6 0.908 1 0.919 6 0.9107  0.8750

X, 0.737 7 0.7049  0.7213 0.541 0 0.508 2 0.5410 0.262 3 0.2459  0.262 3

X; 0.986 1 0.986 1  0.986 1 0.986 1 0.9344  0.986 1 0.986 1 0.930 6  0.972 2

’ X, 0.734 7 M 0.734 7 0.428 6 0.428 6 0.408 2 0.163 3 0.142 9 0.163 3

X5 1.000 0 0.980 8 0.961 5 0.942 3 0.942 3 0.923 1 0.846 2 0.846 2 0.826 9

X 0.950 0 0.850 0 0.950 0 0.900 0 w 0.900 0 0.900 0 0.750 0 0.900 0

X1 0.915 6 0.915 6 0.915 6 0.737 8 0.737 8 0.706 7 0.546 7 0.537 8 0.528 9

! X, 0.373 0 0.3175  0.357 1 0.230 2 0.1984  0.230 2 0.127 0 0.0952  0.127 0

X, 0.660 4 0.660 4  0.660 4 0.301 9 0.3019  0.3019 0.150 9 0.150 9  0.150 9

’ X, 0.377 4 0.3774  0.377 4 0.188 7 0.1887  0.1887 0.018 9 0.0189  0.0189

X 0.152 2 0.145 3 0.149 2 0.016 9 0.016 9 0.016 9 0.000 0 0.000 0 0.000 0

X 0.203 6 0.200 6 0.197 6 0.030 4 0.030 4 0.030 4 0.006 1 0.006 1 0.006 1

6 X, 0.392 9 0.3214  0.3929 0.285 7 0.2857  0.2857 0.178 6 0.178 6 0.178 6

X, 0.022 7 0.022 7 0.022 7 0.011 4 0.011 4 0.011 4 0.000 0 0.000 0 0.000 0

X 0.078 3 0.0522  0.078 3 0.026 1 0.026 1 0.026 1 0.026 1 0.026 1 0.026 1

X, 0.143 9 0.139 5 0.139 5 0.024 7 0.024 7 0.024 7 0.008 7 0.008 7 0.008 7

! X 0.203 8 0.196 2 0.194 2 0.105 8 0.105 8 0.101 9 0.057 7 0.057 7 0.055 8

X, 1.000 0 1.000 0 0.983 1 0.983 1 0.970 2 0.983 1 0.864 4 0.864 4 0.830 5

8 X 0.845 1 0.788 7  0.845 1 0.732 4 0.690 1 0.732 4 0.647 9 0.647 9 0.647 9

X3 0.979 2 0.979 2 0.958 3 0.895 8 w 0.895 8 0.708 3 0.708 3 0.687 5
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X+ 8=0.05,0.1,0.15 i ARG EEAE L] B9 ER 22 0 IR B T 1106 1106 LA K 17 6. i3k 2 A1l RLAR IR
B PR 2 0 T 04 3T BT 15 2 A 24 A I B R T 45 S 1Y 1 TR

HE— 2P i, R 3 R TAEA AR BRE A S HCT MR 15 2 PR A5 29 1] i 1< 2

MR 3 Al 0, AR 1 FEE 2 InS Bl AR K B 2 AR G563 2 v IS BT 4518,

(1) X T 2o P 5 A ), B0k 1 AT D45 3 24 157 J5 9 30 A0 0T £ 152 25 76 B (H A Vs 1B o L B30k 2 20e] DL
T/ S P H 2 T TS R T BB S 15 25 E B E 2 VR B 9L 9 4 Tonosphere X#E 4,24 6 =10.05,0.1,0.15
IFL B 1 AT DU 2850 X, 2167 Y 1 AR B i 158 22 7 B Fo v 9 R DY, 2 77 4K 88 43 30l o 32,33 il 33, T
S 2 PR A5 /Y9 20 1 1 B2 73 5 2 26,30 il 31.

(2) X T 53— L g SR, QSRS 1 AN Be A 24 &7 J5 10 30T B 5 2 158 2 7E I (B AR VP a8 4 5
2 2 AR 5 LT 22 1Y Ja P ok {45 Xk 7 e 55 286 i) 1) 3 AL BT 15 2 7E 18 A 7 3 LB 40 Tonosphere 248 4R
4 6=0.05.0.1,0.15 Wf, 5835 1 AREMEA2R 0 X, 297 5 i 3m ARLo i 2 22 78 B (B SR VEVE A L L 24 ] 4 32 O
R 32,33 A 33,1 A S 2 AT LU A5 255 X, 24 187 J5 A9 30T 0L 5 £ 15 25 7 B (EL Fo 120 Y0 6L L 9T X g 19 24
TR BE 43500 33,34 il 34.
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®3 ARKEMXLL A
1D =S %Gl 5=0.05 5=0.1 5=0.15
Bkl 25 27 28
1 X, 25 26 26
k2
X, 26 28 30
Bkl 15 15 16
2 X, 14 15 16
k2
Xe 15 16 15
Bkl 28 28 28
X\ 19 22 25
X, 21 26 26
3 X 7 10 12
Bik2
X, 19 25 30
X 19 25 19
X5 32 25 27
Bkl 32 33 33
4 X, 26 30 31
k2
X, 33 34 34
Bkl 8 9 9
X, 8 9 1
X, 6 8 7
5
Bk 2 X, 8 9 9
X, 7 3 1
X 9 5 8
Bkl 57 57 57
6 X 57 57 57
Bk 2
X 56 57 57
Bkl 25 26 26
7 X 25 26 25
Wik 2
X, 24 23 24
ikl 12 12 13
X, 10 12 11
8
Bk 2 X, 13 12 13
X 11 13 12
.
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Attribute reduction constrained by class-specific approximate quality

Li Zhiyuan', Yang Xibei*, Chen Xiangjian®, Wang Pingxin®"
(1.Kewen College,Jiangsu Normal University, Xuzhou 221116,China;
2.a.School of Computer;b.School of Science,Jiangsu University of Science and Technology,Zhenjiang 212003, China)

Abstract : Based on the measurement of approximate quality, the traditional heuristic algorithm for computing reduction
is designed to the find redundant attributes through considering the variation of approximate quality. However, such an ap-
proach does not take the variation of lower approximation of each decision class with reduction into account. To fill such a gap,
a class-specific approximate-quality-based reduction is proposed. The objective of this strategy is to make the approximate quali-
ty of each decision class be acceptable in terms of the constraint of attribute reduction. By using the neighborhood rough set.
traditional attribute reduction and class-specific approximate quality based strategies are compared over several UCI data sets.
The experimental results tell us that not only the class-specific approximate quality based strategy is effective, but also it satis-

fies the constraint of traditional attribute reduction.

Keywords: attribute reduction; class-specific approximate quality; heuristic algorithm; rough set
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