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A short text retrieval method combining Wikipedia
category graph and topic features

Li Pu',Xiao Bao’,Sun Yusheng',Zhang Zhifeng',Deng Lujuan’

(1.Software Engineering College,Zhengzhou University of Light Industry,Zhengzhou 450000, China;

2.School of Electronics and Information Engineering,Beibu Gulf University, Qinzhou 535000, China)

Abstract : The rapid development of social networks has resulted in a large number of short text data. Considering the
short length, little information, sparse features and irregular grammar, a semantic feature selection and relatedness computa-
tion method are proposed in this paper, which is based on the analysis of the topic features of the structural information con-
tained in the Wikipedia category graph (WCG). On this basis, according to computing the semantic relatedness between user
queries and the target short text, a short text retrieval and sorting method is realized. Finally, the experimental results on twit-
ter subsets show that the short text retrieval method combining Wikipedia category graph and topic features outperforms other

current retrieval methods on MAP, P@k and R-Prec.

Keywords : Wikipedia category graph; topic features; short text; information retrieval
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