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An emerging topic identification and detection method based on LDA model

Wu Dongxue®, Shen Guilan®

(a. College of Applied Arts and Sciences; b. Bussiness College, Beijing Union University, Beijing 100191, China)

Abstract: Emerging topic identification is an important way to identify emerging technologies in the field of science and

technology research, and efficient and accurate identification of emerging topics is the premise of early identificating emerging

technology research direction. An emerging topic identification and trend prediction method based on LDA model is proposed. It

extracts research topics from scientific literature by LDA model, constructs an index system of topic strength, topic novelty

and composite topic attention to identify emerging topics, and uses Prophet model training to predict topic strength of emerging

topics. Based on the data set of scientific research literature in the field of smart agriculture in the last 14 years, the proposed

recognition and detection methods are verified. Five emerging topics are identified, and the development trend in the following

three years is predicted. The validity of the proposed methods is verified.

Keywords: topic identification; optimal topiccount; emerging topic identification indicators; Prophet model
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