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Fig.3 The deep learning graph based on convolutional neural network
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1 Begin

2 If the reply was received before the TIME-OUT then
3 1f intelligent mode is ON then

4 Count the number of replies received for mt
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5 End if
6 else
7 Count the TIME-OUT
8 If the maximum threshold was exceeded then
9 Switch that agent Y to intelligent mode
10 End if
11 Do reply=NULL
12 End if
13 If all the agents already replied for that mt and id: message or it timed out then
14 Reply
15 End if
16 End
B A P W B A A
1 Begin
2 For some compound,randomly selected fields of m (including the proper m)
3 Do
Query,with a probability inversely proportional to the quality of the approximation of Y to the sub-
field,another N agents apart from Z
//Checking that there are not too many simultaneous queries for the
same agent
4 End for
5 If there are no unanswered queries for subfields of m and the respective
id.message generated by Y then
6 Reply to Z about m and for id:message
7 End if
8 For each of the other compound fields
A ify ] 2
1 Begin
2 Do fusion of the replies and the value calculated by Y //If it timed out the reply
is the empty set
For each parent of mt that can now be calculated and was queried by a Z
Calculate value V of the parent
Calculate the quality Q of V according to Y
If it is in intelligent mode then
If Q> quality of the querying agent then
Reply to Z with value V and quality Q

© o0 NN O Ul o~ W

else

10 With a probability proportional to(1—Q)/RM Reply to Z with value V and quality Q //
RM is the percentage of remaining messages,RM =1 if it is not in intelligent mode

11 End if

12 End if

13 End for

14 End
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Research on the structure of cognitive intelligence information fusion system

based on convolutional neural network

Tian Ye, Sun Ruizhi

(College of Information and Electrical Engineering, China Agricultural University, Beijing 100083, China)

Abstract ;. Cognitive computing is to simulate the personalized interaction and service to achieve human-computer interac-
tion. In recent years, there have been many researches on the analysis of massive data in cognitive computing, but they still fail
to solve the scalability and flexibility of intelligent data collection in big data environment. Based on the study of parallel data-
base network under big land data, this paper proposes a cognitive intelligent information fusion system architecture based on
convolutional neural network. The cognitive computing is used to analyze the data collected and processed by the application
program of intelligent information fusion. so as to solve the problem of scalability and flexibility of the system. The experimen-
tal results show that the system can effectively meet various external application requirements, and the data captured from mil-
lions of data sources can be crossingly implemented and response in real time across various applications.

Keywords: convolutional neural network; cognitive computing; intelligent information fusion system; land use
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