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Based on the I)ijkstra Algorithm Optimize the Distributed
JobTracker Node Model of Communication

HUANG Weijian, YANG Hailong

(School of Information & Electrical Engineering, Hebei University of Engineering, Handan 056038, China)

Abstract: For the faliure of single JobTracker which may cause the running crashes of system under MapReduce frame-
work, establishing a model of distributed JobTracker node can improve the reliability of JobTracker,and through optimizing and
improving communication based on the idea of single-source shortest path Dijkstra algorithm, task nodes can communicate with
a JobTracker priority which is in the nearest rack or in the nearest data center. Experimental results have shown that the model
of distributed JobTracker node can alleviate problems caused by the failutre of JobTracker to some extent. In addition, improved

communication can also alleviate bottlenecks of single JobTracker and balance the load of JobTracker.

Keywords: Hadoop; mapreduce; communication mode; dijkstra; JobTracker; tasktracker



