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A Hybrid Algorithm Based on Improved Krill Herd and Particle Swarm Optimization

Liu Pei, Gao Yuelin, Guo Wei

(Research Institute ol Information and System Science, Beilang University ol Nationalities, Yinchuan 750021, China)

Abstract: Based on improved krill herd and swarm optimization( AIPSOKH) this paper puts forward a hybrid algorithm
to solve problems of low convergence and easily falling into local optimization. This algorithm adds nonlinear decreasing strate-
gy of foraging weight and induced weight into the basic krill herd algorithm, and then involves the particle swarm optimization
with linear decreasing inertia weight (LDWPSO) into it. The introduced AIPSOKH uses the strategy of parallel computing
with double sub-populations. The evolution of the survival of the fittest in natural selection mechanism enhances the quality of
the individuals in the population. Finally through the experiment of 8 Benchmark standard test functions, the performance of
algorithm AIPSOKH is compared with the performances of the other two algorithms mentioned. Experiments demonstrate that
the algorithm has a significant advantage in the global search ability and the convergence of the results.

Keywords: krill herd algorithm; nonlinear decreasing; particle swarm optimization; strategy of double sub-populations

parallel computing; natural selection
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