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Accurate recommendation model and application of learning resources

Wang Xiaodong,Shi Junya, i Chun, Wu Huiping
(College of Computer and Information Engineering, Henan Normal University, Xinxiang 453007 ,China)

Abstract : Due to the existence of cold start and sparsity problems, the performance of online learning resource recom-
mendation based on attribute characteristics is limited. This paper is based on knowledge representation and collaborative filte-
ring. We integrate learners’ learning levels and learning styles into the recommendation process and perform personalized rec-
ommendation based on collaborative filtering. Through the works of this paper, an accurate learning resource recommendation
model is proposed, a knowledge representation model for learners and learning resources is built. Experiments show that the
recommendation algorithm combined with knowledge representation and collaborative filtering outperforms the traditional CF

algorithm in terms of personalized recommendation and recommendation accuracy.

Keywords : knowledge representation;learning resource recommendation;collaborative filtering;online learning
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