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Attribute Reduction Approach to Neighborhood Decision Agreement

Li Zhiyuan', Yang Xibei®?®, Xu Suping®, Chen Xiangjian®, Wang Pingxin®

(1. Kewen College, Jiangsu Normal University, Xuzhou 221116, China;2. a. School of Computer Science and Engineering;
b. School of Mathematics and Physics, Jiangsu University ol Science and Technology, Zhenjiang 212003, China;
3. School of Economics & Management, Nanjing University of Science and Technology, Nanjing 210094, China)

Abstract: Attribute reduction based on neighborhood decision error rate can improve the leave-one-out classification ac-
curacy of neighborhood classifier via deleting redundant attributes. Nevertheless, such approach does not fully take the differ-
ence between classification results before and after reduct into account. To solve such problem, from the viewpoint of joint dis-
tribution matrix, the neighborhood decision agreement is proposed and a new criterion for attribute reduction is constructed,
which is the harmonic mean of neighborhood decision agreement and neighborhood classification accuracy. The experimental re-
sults on 12 UCI data sets show that the new criterion based reduct can not only improve the decision agreement of neighborhood
classifier, but also the leave-one-out classification accuracy of neighborhood classifier will also be increased in most cases.

Keywords: neighborhood classifier; neighborhood decision error rate; neighborhood decision agreement; reduct
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